#6525: Multi-drug algorithm to accurately predict best first-line treatments In

newly-diagnosed acute myeloid leukemia (AML)
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Figure 3. Event-free survival (EFS) and overall
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p — log-rank p. Axes were truncated at 5 years
to visualize models’ performance immediately
after treatment.

that achieved complete remission (CR) were considered GR, while
refractory (R) patients were considered PR. For MIC and IC, we considered
CR patients without relapse within 6 months as GR, and those refractory or
relapsed within 6 months as PR. Phosphopeptides that distinguish GR and
PR groups in each cohort were incorporated in response prediction models
that were them assessed via cross-validation.
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Figure 1. Experimental workflow.

Future directions

Table 1. Cohort characteristics.

Model Characteristics | Measurement PR GR o o _ _ _
Patient number h () - o | - | N o o  Predictive models validation and refinement in retrospective cohorts from
MIC Flgurg 2. End gogl. unified phosphoproteomic model cpmblnlng Qur eX|st|pg models.pr.edlctlng re§pon§e_ to MI(?, IC and VA. F.rom different geographies is Ongoing and we welcome new collaborators.
Sample number n (s) 14 50 a routine diagnostic sample, through phosphoproteomics analysis, to a single predictive model identifying which treatment gives
(6 month cutoff) D the highest chance of response - In parallel to this work, we are building a prognostic model to determine
Age in Years Median (range) 67 (19-79) 59 (28-78) g P ' ) P _ : o g a prog
Patient number . 16 48 disease severity regardless of administered treatment.
IC . . ” . et
(6 month cutoff) L_Sample number n (s) 49 64 ,i\ult<o_r affl_llatlﬁ?ds:Ald oy Park. Macalosiild. UK. 2. Barts Ganger Inditite, Oueen Mary Universi Barts n In the near future, a unified model to highlight best first-line treatment for
_ _ . Kinomica Ltd, Alderley Park, Macclesfield, UK; 2. Barts Cancer Institute, Queen Mary University : A : : -
Age In Years Median (range)] 45 (19-79)] 39 (21-77) of London, London, UK; 3. Johns Hopkins Sidney Kimmel Comprehensive Cancer Center, Sancer st mICG Individual patients .(S.hOWI’l _m Figure 2). N
Patient number n (p) 26 40 Baltimore, USA; 4. Division of Hematology, Medical University of Graz, Graz, Austria; 5. Princess e Further data mining will broaden assay ut|||ty to suggest off-label
VA Margaret Cancer Centre, University Health Network, Toronto, Ontario, Canada; 6.Department of Prncs Nrore : :
(CR vs Refr.) Sample number n (s) 31 43 Medical Biophysics, University of Toronto, Toronto, Ontario, Canada i weammne JOHNS HOPKINS treatments for patients predlCted to be refractory to current drugs.
Age in Years Median (range) 72 (64-87) 71 (31-89)
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