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Introduction Comparisons

» Data-dependent acquisition (DDA) is widely used for the identification and label-free quantification of peptides and
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* Quality control measures were added including isotopic contribution
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covered in several other ASMS 2024 posters: the KLIM eavironment
* We have demonstrated that the changes to PiQuant have made the algorithm more reliable, robust and accurate « Casado, P. et al. Sci Signal. 2013 Mar 26;6(268).
« Comparisons with other software show that PiQuant has a superior phosphopeptide quantification performance than Fragpipe and Maxquant « Cox, J. et al. Nat Biotechnol 26, 1367-1372 (2008)
« The MBR algorithms in PiQuant show much fewer missing values allowing greater reproducibility and lower co-variation « Kong, A. T. et al. Nature Methods, 14(5), 513-520.
] ! ] ! * PiQuant identifies a higher number of differentially regulated and PV correlated peptides (r > 0.8) than other packages * Perkins, DN. et al. Electrophoresis, 20(18) 3551-67 (1999).
PiQuant ML approaches for  VeneAzasignature  Identificationof  DDA/DIA/QQQ « The extra QC measures and visualisation tool allows for greater confidence in quantification and matching between runs * Wilkes, EH. et al. Mol Cell Proteomics. 2017 Sep;16(9):1694-1704
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(ThP 059) platform relevant phospho- « A database permits the tracking and monitoring of identified potential biomarkers across different studies
(TP 057) markers
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